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Abstract

Countries must comply with loan conditions in order to receive official-sector financial sup-
port. After constructing a unique dataset with condition-level information for euro area financial
assistance programmes, we demonstrate the importance of creditors’ discretion on the timing
and content of assessments in boosting compliance with conditionality: by choosing to assess
a relatively small number of conditions and by delaying the assessments of others until con-
ditions could be fulfilled. As a result, compliance with a relatively small subset of conditions
is sufficient to satisfy creditors and trigger disbursements, especially fiscal measures aimed at
the immediate stabilisation of public finances and those with explicit numerical targets, with
structural conditions playing a minor role. Such creditors’ filtering process can be efficient in
some cases – e.g. when new information reveals the irrelevance of some conditions or when
state-contingencies need to be taken into account. Nevertheless, the large number of conditions
is a signal of lack of commitment, opening the door to strategic selection, time-inconsistent
decisions (e.g. redraftings) and inefficient ‘wait and see’ delays aimed at minimizing negative
assessments. In the second Greek programme the lack of independence between the creditor’s
decision to assess and the debtor’s decision to fulfil an assessed condition is evidence of inefficient
collusion; however, foreseen disbursements and spread market pressures enhanced assessments
and compliance, respectively. We extract lessons, from our evidence, for a better design of the
conditionality-compliance process.
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1 Introduction

When market access for a sovereign borrower is impaired, it often requires financial support from

official crisis lenders such as the International Monetary Fund (IMF). The provision of this support

is usually contingent on the implementation of a set of policies that aim, amongst other things,

to address ‘the weaknesses that contributed to the crisis’. Countries must comply with these

conditions in order to receive disbursements of funds and thus the compliance assessment process

is of critical importance.

In this paper, we provide a rigorous analysis of this compliance assessment process. In contrast

with much of the existing literature, which uses proxies of compliance derived from aggregate

programme information, we use a unique dataset with condition-level information on the official

lending programmes provided during the European sovereign debt crises by the EFSF and ESM

(2010 - 2018). To make our inquire possible we had first to transform the existing programme data

into a consistent publicaly-available database usable for analytical purposes. The highly-granular

nature of our data allows us to decompose the compliance process into the creditor’s decision to

assess a condition, and the debtor’s decision to comply with it once it has been assessed. To study

the interplay between these two decisions, we first look for patterns in the description of the data,

then proceed with a fairly exhaustive econometric analysis of these two separate decisions and,

finally, we use a selection model (Heckman, 1979) to jointly model these two decisions, and study

the extent to which the timing and content of the assessment has a systematic effect on compliance

with conditionality. The strategic interaction between these two decisions has, to the best of our

knowledge, never been analysed.

The basic statistical description of our novel data on assessment and fulfilment is revealing. Con-

sistent with the IMF experience with conditionality (e.g. IMF 2019), our first finding is: even if the

Memorandum of Understandings (MoU) specified a large number of conditions1, only compliance

with a relatively small number of them played a role in the disbursements of funds decisions. The

data shows no commitment to the principle “compliance with ex-post conditionality is necessary

for further disbursements” or, in other words, reveals that such principle applies at most to a

limited number of conditions: the compliance process becomes, to a large extent, a process of

selecting conditions – we call it harvesting and, as with harvesting, reaping unused grains is costly.

Our second and novel finding is: the assessment process is the key step of this ‘filtering process’

by dismissing a large number of conditions that are never assessed, and redrafting or delaying

1See Footnote 4.
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others, minimizing negative assessments. Was just lack of experience? This doesn’t seem to be the

case.

Given the lack of crisis-lending experience in European institutions, the authorities initially leaned

heavily on IMF expertise and implemented standard Official Lending practices.That is, once the

programme, with all its conditionality (i.e. its MoUs) is approved, a joint committee, composed of

lenders and borrowers’ delegations is responsible for the assessment process. As the crisis evolved,

euro area policymakers developed their own crisis resolution framework. This placed greater em-

phasis on fiscal consolidation and structural reforms, compared to IMF financial assistance pro-

grammes that focus more on resolving balance of payments crises, often through exchange rate

and monetary policy measures (Corsetti et al., 2020); nevertheless, the compliance process fol-

lowed standard practices. Notably, the intergovernmental agreements establishing the European

Financial Stability Facility (EFSF) and the ESM explicitly state that financial assistance is subject

to strict conditionality, since these institutions can only lend to a Member State if its sovereign

debt is sustainable; sustainability that relies on the success of the institution’s lending programme,

which, in turn, relies on its conditionality being satisfied. In practice, the assessment process

determines which, and when, conditions need to pass the compliance test.

It should be noted that, even if in the process of negotiating a MoU some conditions are understood

to be more important than others (or some complementary or substitutes to others) this information

is not part of the MoU; in particular, there is no ranking of conditions as if all listed conditions

are important to fulfil the objectives of the programme and all objectives are equally important.

Therefore, the mapping from conditionality to programme success is blur, to say the least.2 In

particular, the success of a programme can be defined with a broad or a narrow (debt-specific)

measure. The broad measure covering a range of structural reforms or policies making the country

more resilient and able to overcome ‘the weaknesses that contributed to the crisis’, while the

narrow measure only assessing if the country has done the necessary changes to be able to get

back to the financial market and sell new sovereign debt, without debt spreads, if needed. That

is, the narrow measure is closer to a Debt Sustainability Analysis (DSA) with conditionality, while

the broad measure to a Fiscal Capacity Surveillance. In fact, the data description also shows

that, conditional on having been assessed, conditions associated with structural reforms where

less likely to be fulfilled than financial or fiscal conditions, suggesting that the narrow measure

prevailed over the broad measure, in spite of the European emphasis on structural reforms. In

2Obviously, if conditions and objectives had been ranked our analytical dataset would have contained such rank-
ings.
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other words, while in strict sense there should have not been disbursements with non-compliance,

overall programmes’ compliance was more successful with the narrow than with the broad measure

(sufficiently successful with the former but not with the latter?).

The fact that MoU conditions are negotiated reveals that there is a natural conflict of interests

between borrowers and lenders, while the data reveals that, once the MoU has been signed and the

lending programme approved, lenders and borrowers’ institutions and delegations preferences are

aligned in preferring that the programme succeeds and it is perceived it will succeed.3 Therefore,

since there is no commitment to fulfil all conditions and the MoU menu is very large, in the com-

pliance process lenders’s delegates have, in practice, a large field were to harvest : adapting their

decisions to new information (e.g. when new information reveals that some conditions are obso-

lete), avoiding negative assessments on compliance, that may unnecessarily exacerbate sovereign

debt market reactions, when in a better state of the economy compliance can be achieved (recall

that harvest should be done under the appropriate weather conditions), redrafting or delaying

conditions, etc. This strategic behaviour of the lenders can be: i) efficient –i.e. ex-ante and ex-

post ; ii) time-inconsistent – i.e. ex-post efficient but ex-ante inefficient, or, simply, iii) inefficient.

Examples are: i) when delaying or redrafting account for state-contingencies that a better, state-

contingent programme, should have been taken into account; ii) when, if redrafting and delaying

would had not been possible, compliance with a condition would had been more likely, but, given

that it is possible and compliance doesn’t to be there yet, ex-post it is better to redraft or delay

than to stop disbursements, and iii) when there is a – possibly, unintended – inefficient collusion

between lenders and borrowers’ delegations, agreeing to over-stretch the ‘wait and see’ strategy

by ‘gambling for a state of the economy in which a condition – without much effort – can finally

be met, jeopardizing, with this bet, the reputation of the lending institution.

Our descriptive data reveals the existence of strategic behaviour in the assessment process, but

it cannot reveal motivations, even less reveal whether such behaviour enhanced or distorted the

compliance process. Our econometric analysis helps us to understand the motivations and, while

it cannot provide a full discrimination between i), ii) and iii), confirms the existence of strategic

behaviour in particular which, whether and when conditions must be assessed and when conditions

3A variant of this change of alignments is when the conflict of preferences is between the lenders and the voters
of the borrowing country, while its signing government uses the MoU to implement its own policies and blame them
on the lenders, but this is probably more the exception than the rule. Similarly, within the hierarchy of lenders –i.e.
the countries approving the progamme (in this case, the eurogroup), the institution implementing it (e.g. the ESM)
and the lenders’ delegates deciding on assessments at the bottom – the strength of realignment may be increasing
from top to bottom (in the extreme case, from no ex-post alignment to ex-post collusion), denoting principal-agent
problems among them, as in iii next above.
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are more likely to be fulfilled if assessed. Our econometric analysis sharpens the findings that our

descriptive analysis unveils. For instance, that fiscal conditions – the main focus in two of the

programmes – are not often chosen to be assessed but they are then very likely to be fulfilled –

and, if not, delayed, avoiding negative assessments. It also shows motivations and non-motivations,

like ‘if the economy is expected to grow condition-assessment is more likely‘ but, in contrast, market

pressure – in the form of positive spreads – doesn’t seem to have much effect on assessment decisions.

Finally, it also shows, that the creditor decision to assess and the debtor decision to fulfil assessed

conditions does not pass the no-collusion ‘independence test’ in the Greece 2nd programme, which

was the most problematic, while the other analyzed progammes pass it.

Literature review:

We contribute to the literature assessing the drivers of implementation of official loan conditions,

which mostly focuses on conditionality in IMF financial assistance programmes. While these studies

revealed low compliance with conditions in past programmes, cross-study comparisons are com-

plicated by the use of different measures of implementation Dreher (2006). Most common are the

use of proxies for implementation, such as measures of programme interruption (Edwards, 2005;

Arpac et al., 2008) and share of committed funds disbursed (Killick, 1995; Dreher, 2003; Joyce,

2006). These studies highlight that a wide range of economic and political-economy factors affect

compliance with loan conditionality, including such disparate determinants as the scale of foreign

direct investment flows and a country’s membership on the UN Security Council. Steinwand and

Stone (2008) and Dreher (2009) provide comprehensive reviews of this literature.

However, most papers focus on circumstances outside of the negotiation process and control of

staff designing and assessing conditions. Our paper instead considers how compliance is shaped

by the iterative process between the creditors and the national authorities and is therefore more

closely related to a set of studies that analyse the impact of internal processes on the design and

implementation of programmes. Reinsberg et al. (2021) find that the number of conditions is a

robust predictor of implementation failure, and provide a novel theoretical explanation for this

relatively common result: that over-ambitious programme designs are due to intra-organisational

bargaining within the creditor’s institution. Chwieroth (2013) and Chwieroth (2015) also find

evidence for the role of this type of informal governance in financial assistance programmes. In

contrast, Mourmouras et al. (2003) find no evidence that creditor staff effort and the extent and

structure of conditionality materially influences programme prospects.
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Our study adds to this literature in several ways. First, most studies of the determinants of pro-

gramme implementation use compliance information from the IMF’s Monitoring Fund Arrange-

ment (MONA) database. While this contains comprehensive data from hundreds of programmes

across multiple decades, it is not without flaws. Bird and Willett (2004) note, for example, that

since MONA only covers conditionality assessed in reviews by the IMF Executive Board, this data

has an upwards bias towards programme implementation. The detailed information on compliance

with conditionality in our database allows us to avoid this issue. Moreover, it allows us to avoid the

use of proxies for implementation commonplace in the literature. Second, our decomposition of the

compliance process, into the assessment and the fulfilment of assessed conditions, provides a novel,

revealing, picture the prevalent relevance of the first step and the differences across countries and

sectors. Third, we are able to disentangle the creditors decision to assess and the debtors decision

to comply, which helps us to directly analyse the role of interaction between the creditors and the

debtors in determining programme implementation.

It is important to note that we do not consider the effects of conditional loans i.e. whether fulfilling

conditions is worthwhile from the perspective of improved macro-financial performance and/or risk

reduction. There is a large literature examining this issue, however evidence on the usefulness of

conditionality is mixed (Conway, 1994; Przeworski and Vreeland, 2000; Bird and Rowlands, 2001;

Barro and Lee, 2005; Mody and Saravia, 2006). Some studies find a negative effect on growth from

entering a financial assistance programme, while others find a positive effect, especially when the

country fundamentals have not yet deteriorated significantly. Sample selection is a key issue in

these studies, with the use of political economy variables often used as instruments to overcome

endogeneity concerns. Stubbs et al. (2020) provide for a recent review of the various methodologies

employed, and a new identification strategy to overcome the multiple endogenous components of

IMF programmes.

We structure our paper as follows. Section 2 describes our dataset, while Sections 3 and 4 describe

our empirical methodology and results respectively. We further discuss the motivations behind the

strategic timing of assessments in Section 6, while Section 7 concludes with some lessons, from our

work, on conditionality conditions.
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2 A revealing dataset

The intergovernmental agreements establishing the European Financial Stability Facility (EFSF)

and the ESM both explicitly state that financial assistance is subject to strict conditionality.

Therefore, for each programme a relatively large number of conditions were negotiated with the

corresponding country representatives and they were made explicit in the Memorandum of Under-

standing (MoU) We analyse the conditionality of their programmes using their database, which

contains a rich set of cross-sectional (Cyprus, Greece, Ireland, Portugal and Spain) and time series

(2010-2018) data.4 As we have already anticipated, the aggregate data on the compliance process

for the four countries we study is revealing.5 Table 4 aggregates the conditions by country and

shows that with the exception of Cyprus, less than 55% of the county conditions were ever assessed

and, in the case of Portugal conditional on having been assessed, only 53% were actually fulfilled.

In fact, as the fourth column shows, only Cyprus has more than a 50% compliance rate, while it is

less than 20% in Ireland and Portugal. In sum, Table 4 sharply shows that “only a small fraction

of conditions played a role in the disbursement decisions” which is “mostly explained by the large

fraction of conditions that were dismissed without being assessed”.

Table 1: Distribution of assessed and fulfilled conditions (%)

Assessed Fulfilled Fulfilled
(% total) (% assessed) (% total)

Cyprus 0.728 0.704 0.512
Greece 0.546 0.648 0.354
Ireland 0.255 0.721 0.184
Portugal 0.325 0.531 0.173

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Rounding may affect totals.

In the dataset, loan conditions aimed to tackle underlying issues that contributed to the need for

financial assistance, and are grouped into sectors. Broadly speaking, the conditions targeted to an

4A value added of the database is its granularity, with 2,279 unique conditions tracked throughout the programmes.
Multiple assessments of individual conditions means that there are 8,152 assessment observations in total. We provide
a brief description of the programmes in Appendix B, an example loan condition highlighting the main features of the
database in Appendix C, and a description of how we rendered the publicaly-available database useful for empirical
analysis in Appendix D.

5We do not analyse the ESM program with Spain since it represents a special case, with all loan conditions
exclusively focused on the Spanish financial sector (i.e. there was no macro-fiscal conditionality). The loan conditions
for Spain were all continuous (i.e. scheduled for repeated assessment), they were always assessed and they remained
unchanged for the entire duration of the financial assistance programme (i.e there was no redrafting). Just over 50%
of the conditions were fulfilled by the first programme review, while just over 90% of them were completed by the
end of the programme. The institutions deemed the remaining conditions as not relevant because a group of banks
recapitalised without State aid.
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improvement in the public finances (“Fiscal” and “Fiscal-Structural”), financial stability (“Finan-

cial”) and the productive capacity of the economy (“Structural Labour”, “Structural Product” and

“Other”). Tables 2, 3 and 4 in Appendix A show, respectively, the distribution of country loans

conditions, the percentages of those that were assessed and of those that, having been assessed

were fulfilled. In addition, the tables provide the same information for two distinct condition-

characteristics – those expressed numerically assessed and those with a continuous assessment

through the compliance process – as well as for those conditions that were redrafted, and, in tables

3 and 4, for those conditions that were delayed.

Figure 1 provides an interesting graphical representation of the whole distribution of conditions,

in terms of the fraction of assessed conditions (Table 3) and the fraction of assessed conditions

that were fulfilled (Table 4). For example, a red dot plots both values for one of the four countries

and one of the characteristics ( a. Total, b. Numeric & c. Continuous).6 Interestingly, below the

diagonal there are only structural conditions7 and, in particular, most of those structural conditions

with an assessment ratio of more than 0.6 have a lower fulfilment/assessment ratio, resulting in

below 0.4 fulfilment ratios. In contrast, fiscal conditions have high fulfilment/assessment rations

– in particular, 1.0 those assessed above 0.5, with most financial conditions having also relatively

high ratios. Confirming that what we called the narrow measure dominates the broad measure,

which includes the structural conditions. These are general patterns with idiosyncratic country

differences, which can be seen in Figures 2 - 5 in Appendix A, and are mostly explained by the

different loan conditions’ distributions shown in Table 2.

As it can be seen in Table 2 (Panel a), the Cypriot and Irish programmes were focused on financial

sector policies, while the Greek and Portuguese programmes were largely fiscal (Fiscal + Fiscal-

Structural). The proportion of conditions with explicit numerical targets varies widely across

countries and sector (“Numeric”, panel b). Almost 20% of Portuguese conditions have an explicit

numerical target, while for Ireland it is well under 10%. In principle, all conditions are subject

to assessment during the lifetime of the financial assistance programme. While some are due

for one-off assessment, others are scheduled for repeated assessment throughout the duration of

a programme. This also differs considerably across country and sector (“Continuous”, panel c),

with the majority of Greece’s fiscal-structural targets being subject to continuous assessment and

Ireland having none in all sectors (but ’Other’) and also being irrelevant for all sectors, but one

(’Sectoral-Product’) for Portugal. Importantly, a large proportion of conditions were redrafted

6Disregarding conditions with zero or almost zero weight in their country’s distribution shown in Table 2.
7Disregarding the Other green dot.
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Figure 1: All programmes: Relation between assessment and fulfilment of conditions
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Notes: This figure plots the percentage of conditions assessed (as a % of total conditions) and fulfilled (as a % of

assessed conditions) for our entire sample.

throughout the duration of a financial assistance programme (“Redrafted”, panel d), ranging from

nearly 65% in Cyprus to just over 30% in Ireland.8

Table 3 (Panel a) shows that the countries with similar focus had substantially different assessment

ratios: a financial condition was three times more likely to be assessed in Cyprus than in Ireland

and the same three-to-one difference exists for a fiscal (Fiscal + Fiscal-Structural) condition to

be assessed in Greece rather than in Portugal. Table 3 also shows distinct patterns of assessment

rates across condition-characteristics. The assessment of numerical conditions is larger for all

8The programme database differentiates between significant redrafts, which materially alter the condition or its
terms (e.g. a change in the deadline for completion), and minor wording changes that do not change the substance.
We only consider significant redrafts in the summary statistics presented in Table 2 and our empirical analysis.
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countries except Portugal (Panel b), while the assessment rate of continuous (Panel c) as well as

redrafted (Panel d) conditions is generally no greater than for regular conditions. The programme

database includes the dates for which a given condition is scheduled for assessment.9 Therefore,

we can also identify cases where a condition was assessed as scheduled (”On time”) or with a delay

(”Delayed”).10 Again this varies widely across countries and sectors. Around one third of Greek

conditions were assessed only after a delay, while this occurred in only 1% of Irish conditions.

Table 4 provides additional information regarding the distribution of compliance outcomes for

assessed conditions. Furthermore, the database contains a range of possibilities for compliance,

representing the degree to which the condition is complied with. For the descriptive statistics and

our empirical analysis, we only consider conditions categorised as ”Observed”. This represents

conditions that are fully complied with.11 Again, with the exception of Portugal, numerical con-

ditions (Panel b) have higher compliance after having been assessed. This ratio is also high rate

for continuous conditions (Panel c) in the two countries that these conditions are relevant (Cyprus

and Greece). Given their relative importance, the compliance pattern of redrafted conditions is

similar to the one of the (i.e. Panel d vs a). Finally, conditions assessed with a delay generally

have a lower compliance rate (Panel e).

9Although seemingly straight forward conceptually, in reality the conditionality assessment process proved quite
complicated. One complication is the division of some conditions into multiple sub-conditions to track the fulfilment of
specific objectives. This leads to multiple assessments of the same aggregate condition. We assign a unique assessment
for conditions with multiple subcomponents (and therefore multiple assessments).This reduces the number of unique
policy conditions to 2,034 and the assessments to 6,562, as we convert 2,165 assessments of multiple sub-conditions
into 586 unique values. Our aggregation of multiple subcomponents of a given condition has little material effect
on the aggregate structure of the data. We follow IMF (2012d) and assign a value of 0 to unmet conditions, 0.5 to
partially met conditions and 1 to completely fulfilled conditions. We then calculate an average across assessments
of the subconditions and assign a final (i.e. unique) compliance category for the aggregate condition by comparing
the average to simple thresholds of 1/3 and 2/3.We have only three possible values for each subcondition: 0, 0.5
and 1. When we take the average across all subconditions, we get a value between 0 and 1. Any value less than
1/3 is classified as 0, between 1/3 and 2/3 as 0.5 and above 2/3 as 1. These are, therefore, quite naive thresholds.
In an alternative approach, we derive the thresholds by minimizing the distance between empirical distributions
before and after the aggregation of sub-conditions. This approach delivers a lower threshold greater than 1/3 but a
very similar upper threshold. Since our analysis focuses on completely fulfilled conditions (i.e. those that are fully
complied with), the upper threshold is of far greater importance. Therefore, our results are not affected by our choice
of method for deriving thresholds.

10We consider an assessment as delayed relative to the expected due date in the latest MoU. In the relatively few
cases with several due dates, we consider the first one, as later dates typically reappeared in the redrafts of the same
condition and are thus relevant due dates for those redrafted versions of conditions.

11Therefore, conditions assessed as “Largely observed”, “Partial/Ongoing”, “Ongoing”, “Not relevant” are also
included in the “Not observed” categorisation. This is a conservative choice, but greatly reduces the influence of
subjectivity in the fulfilment category that is the key variable of interest in our analysis by reducing ambiguity over
the extent to which a condition is complied with. In Section 4.3, we demonstrate that our results are robust to a
less stringent categorisation of our fulfilment variable that includes conditions assessed as “Largely observed” and
“Partial/Ongoing”.
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3 Econometric approach

As we have seen, the description of the assessment and fulfilment data already shows some in-

teresting patterns of the fulfilment process. Nevertheless, to understand the determinants of the

decisions one needs to go beyond the description. Fortunately, the database also contains lending

information (loan disbursements, principal repayments, past interest, and fee payments) and data

on programme monitoring (loan conditionality and economic and financial indicators, including

real-time nowcasts or forecasts). We use some of this data, as well public available data to select

variables that may explain the observed behaviour. However, our data overview reveals that many

conditions are only assessed after a delay (and often a redraft) or are never assessed at all. This

has an important econometric implication: observations of compliance may be missing as a result

of another process, the willingness of creditors to assess a given condition. This selection process

can bias the estimation of the determinants of compliance with conditionality if the decision to

assess a condition is not random, as we have argued (Greene, 2003). Therefore, we must layout

first our econometric approach.

To ensure our analysis is not affected by such sample-induced endogeneity, we estimate a probit

model with sample selection (Van de Ven and Van Praag, 1981).12 This involves the joint esti-

mation, via maximum likelihood, of the decision to comply (yj = 1) with a pre-agreed condition

j:

yj = xjβ + uj (1)

and the decision to assess (yj = 1) a condition:

dj = zjγ + νj (2)

where xj and zj are sets of explanatory variables for the fulfilment and assessment decisions, uj

and νj are the respective error terms and the fulfilment variable yj is only observed if zjγ+νj > 0.

We can assess the degree to which the probability of a given condition being fulfilled is conditional

on the probability of its being assessed,

12This approach employs a correction method for binary outcome variables analogous to that for continuous
outcome variables pioneered by Heckman (1979). His insight was to treat the correlation between the selection and
outcome equations as the result of an omitted variable. However, while the Heckman (1979) approach facilitates
estimation via maximum likelihood or a two-step estimation procedure, our use of a binary outcome variable requires
estimation via maximum likelihood (Greene, 2003).
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Prob[yj = 1|dj = 1] =
Φ2(x

′
jβ, z

′
jγ, ρ)

Φ(z′jγ)
(3)

by estimating the likelihood function based on the probabilities of our three observed outcomes (a

condition is assessed and fulfilled, is assessed but not fullfilled or is neither assessed nor fulfilled,

respectively):

lnL =
∑
j∈S
yj ̸=0

ln{Φ2(xjβ, zjγ, ρ)}

+
∑
j∈S
yj=0

ln{Φ2(−xjβ, zjγ,−ρ)}

+
∑
j /∈S

ln{1− Φ(zjγ)} (4)

where S is the set of observations for which yj is observed, Φ2(.) is the cumulative bivariate normal

distribution function and Φ(.) is the standard cumulative normal.

This approach assumes uj ∼ N(0, 1) and νj ∼ N(0, 1) to ensure the consistency of the maximum

likelihood estimates. However, our use of a binary variable as the dependent variable in the

outcome equation means this could be considered a strong assumption. Therefore, in Section 4.3,

we also conduct our analysis using a semi-nonparametric estimator that does not require normally-

distributed errors.

The conditional probability and likelihood functions make clear that if corr(uj , νj) = ρ differs

from zero, and the explanatory variables zj are significant predictors of the assessment decision,

the estimates of the outcome equation are biased and joint estimation is indeed required. Since

the estimates of ρ have no confidence intervals, we can assess the statistical significance of the

correlation between the assessment and fulfilment decisions using the inverse hyperbolic tangent

of ρ i.e. Fisher’s z transformation (Cox, 2008; Buis, 2011).

Certo et al. (2016) shows that the magnitude and direction of the estimation bias from sample

selection depends on the sign of the correlation coefficient and whether the true relationship between

an explanatory and the dependent variable is positive or negative. If ρ = 0 however, then a probit

regression of Eq. 1 is sufficient, as the log likelihood for the probit model with sample selection is
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equal to the sum of the probit model for the outcome and the selection model.

To analyse drivers of the assessment decision, we start from the assumption that creditors set

conditions (i.e. policy measures) according to their current expectations for the current and future

state of the economy. National authorities must fulfill the conditions by a set date. At the due

date, the creditors might decide to postpone the assessment. We assume they based their decision

on the information set available to them at the time an assessment is due. For conditions that

were not assessed (i.e. when (dj = 0)), we use the values from their scheduled assessment date or

the next programme review (if unspecified).

As explanatory variables for the decision to assess, we include:

• a dummy for conditions with an explicit numerical target;

• a dummy for conditions set for continuous assessment;

• a dummy for conditions that were previously redrafted;

• the expected time to assessment (in quarters) when setting the condition;

• the number of conditions imposed in the MoU a condition was set;

• the institutions’ nowcasts of annual real GDP growth;

• the change in the nowcast from the previous estimate;

• the 10-year sovereign bond spread in the current quarter;

• the upcoming gross disbursement relative to the GDP nowcast;

• dummies for different policy sectors.

We include the nowcasts as a proxy for the institutions’ expectations of the economic situation at

the time of the programme design and in subsequent reviews. The inclusion of nowcast updates,

which we define as the difference between the nowcasts and their previous estimate, allow us to

ascertain the impact of unexpected innovations to key assumptions underpinning the conditionality

design. The 10-year sovereign spread (to the German Bund) provides a signal of market scrutiny.

The upcoming disbursement, relative to the nowcast of GDP, provides information on the financial

relevance of compliance. The number of conditions imposed serves as a proxy for programme

complexity / bureaucratic burden, while the dummy for explicit numerical targets allows us to

ascertain if this formulation of conditionality increases the likelihood of assessment.
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For the fulfilment decision, we assume that compliance with conditionality largely depends on the

effort of the borrowing country. In analysing the compliance decision, we set the dependent variable

equal to one if the condition is fulfilled and zero for any other degree of compliance. This is because

creditors only have discretion over the assessment of conditions that are not fully complied with

(i.e that fall into the categories “not fulfilled”, “not relevant”, “ongoing”, “partially fulfilled” or

“largely fulfilled”). In contrast, they can only categorise fulfilled conditions as “fulfilled”, so there

is no room for ambiguity.

An advantage of this approach is that it allows us to focus only on what drives the borrower’s efforts

to fulfill the conditions set in a given MoU, rather than the creditors subjective interpretation of

compliance. It also allows us to focus on the information set at the time of a given MoU’s drafting

(i.e. at the “design” of the condition), which should be the most important if the decision of the

debtor to fulfill a condition is affected by the state of the economy in the run up to a programme

review. While this may not necessarily be the case for conditions with due dates that are further

away, these are only a small minority of conditions.

The set of explanatory variables for the fulfilment decision differs from that of the assessment

decision in several ways. The nowast update and the average sovereign bond spread are now

calculated for the period between the setting of the condition and its assessment (rather than the

expected time of assessment, as before). We also include a dummy that takes a value of one if

the assessment was delayed relative to the initial schedule. Finally, we drop the GDP nowcast as

an explanatory variable in our fulfilment equation. These differences effectively serve as exclusion

restrictions and assist with identification. If the explanatory variables included in the selection

equation (i.e. our assessment decision) and outcome equation (i.e. our fulfilment decision) are

identical, one must rely on functional form for identification and the coefficients have no structural

interpretation.

In order to be a useful instrument, a variable must affect the decision to assess, but not to decision

to fulfill. Our rationale for excluding the GDP nowcast is that while the creditors’ expectations

for economic growth may affect their decision to assess a condition, it is unlikely to influence

the debtors’ decision to fulfill a condition (over and beyond any unexpected surprises, which the

regression also controls for). Also, the decision to fulfill has largely been made between the time

a condition was set and the time of assessment, and not only at the assessment time at which the

nowcast is made. Comfortingly, this variable is highly significant in the assessment regression and

insignificant when included in the fulfilment regression. This holds whether we use the nowcast
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set at the MoU, as is standard for our assessment regressions, or the nowcast set at the CA, as is

standard for our fulfilment regressions.

We treat our data as a pooled cross section. Although our dataset contains programmes from

different countries that evolve over time, treating our dataset as a panel is inappropriate for a

number of reasons. First, since data collection only begins at each programme’s initial MoU

negotiation mission, it is highly unbalanced (Table 5). The Irish and Portuguese programmes were

close to finishing by the time the Cypriot programme began, while the third Greek programme

took place more or less on its own.

Second, there is irregular spacing in the time series component of the dataset, as there is at

least one quarter in each programme during which no review took place. Also, during the third

Greek programme, several reviews took place within the same quarter. Unequally spaced data

is particularly problematic for the estimation of dynamic panels, albeit recently there have been

advancements in approaches to overcome this issues (Millimet and McDonough, 2017; Sasaki and

Xin, 2017).

Finally, conditions appear in the dataset at the moment they are introduced in programme docu-

mentation for the first time, which can happen throughout the programme. Conditions can be then

observed in subsequent reviews, either redrafted or exactly the same, or, in majority of cases, never

appear again. These features renders analysis with the panel data techniques ineffective.

We include MoU, year and programme dummies in our regressions. MoU dummies should capture

any differences in creditor and/or debtor behaviour that occurs as the programme evolves (e.g.

conditions being assessed more stringently at the outset of a programme). Year dummies should

capture period-specific factors that may have influenced the assessment or fulfilment decisions,

over and beyond the included explanatory variables. Programme dummies should capture any

time-invariant within-programme effects, such as national or institutional preferences and compe-

tence.13

We allow for clustering in the standard errors at condition level, as our data may have sampling

design and/or experimental design issues (Abadie et al., 2017).14 A sample design issue could

13We use programme dummies instead of country dummies because Greece had two programmes spread over seven
years. Given that one of these programmes went off track, we prefer to differentiate between unobservable features
of the programmes.

14Abadie et al. (2017) note that, contrary to conventional wisdom, correlations between regressors within clusters
are neither necessary, nor sufficient, for cluster adjustments to matter or to justify clustering. Indeed, they show
that cluster adjustments can make a substantial difference even when both residuals and regressors are uncorrelated
within clusters.
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arise if the sampling follows a two-stage process, whereby a subset of clusters is sampled randomly

from a population of clusters in the first stage and units are sampled randomly from the sampled

clustered in the second stage. An experimental design issue can arise when clusters of units, rather

than units, are assigned to a treatment.

4 Results

4.1 Assessment decision

We first examine the (creditor’s) decision to assess a given condition. The dependent variable has

a value of one when creditors assess the condition, regardless of whether it does so on time or with

a delay (i.e. even if this assessment occurs later than originally scheduled). We display the results

from this analysis in the first column of Table 6.

We find that a longer expected time to assessment, a greater number of conditions, worse expected

economic growth and if the condition is a fiscal measure reduce the likelihood of assessment. A

longer expected time to assessment could indicate that a condition is not viewed as an immediate

priority, or that it is difficult and will take a greater effort or the right conditions to be fulfilled.

Either way, these conditions are less likely to be assessed at any stage of the programme and

this self-fulfilling element suggests that these conditions were, possibly, not considered essential

from the beginning.15 A greater number of conditions may include a larger portion of irrelevant

conditions, possibly due to lack of knowledge of which conditions were actually relevant or simple

window-dressing. In any case, are likely to be too burdensome administratively for the creditors

to assess and are rapidly dismissed. However, given the perceived importance of fiscal conditions

for programme success, the negative coefficient is, at first, surprising (but soon will not be).

In contrast, we find that a longer time since the last election, an expected improvement in eco-

nomic growth and a larger size of the upcoming disbursement make assessment more likely. That

assessments are more likely the closer it comes to a new election could reflect creditors’ desire to

conclude aspects of the programme that a new government could seek to renegotiate. Our finding

that assessments are positively related to higher GDP growth nowcasts indicates that creditors are

more likely to assess when macro-financial conditions are more favourable and conditions are more

likely to be complied with. For example, higher GDP growth mechanically makes it easier to fulfil

deficit-to-GDP targets. Finally, the larger the upcoming disbursement, the more likely a condition

15We remind that our dependent variable represents all assessments that take place, regardless of whether this
occurs at the originally-scheduled time or not.
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is to be assessed. We consider that this is due to the need for creditors to see more progress with

programme targets in advance of large financial outlays.

It is also worth to notice that, in contrast to what one could had expected, some variables are not

significant: if they are numerical, continuous or redrafted, the spread at assessment (i.e. ‘market

sentiment’) and if they are structural.

Overall, the statistical significance of several of our variables indicates that the decision to assess

is not random and therefore potentially influenced by creditors’ strategic behaviour, as the data

description already suggested. In particular, assessments are more likely when macro-financial

conditions improve, when news are worse-than-expected and there are larger upcoming disburse-

ment.

4.2 Fulfilment of assessed decisions

We next examine the (debtor’s) decision to fulfil a given condition. In this case, the dependent

variable has a value of one when debtors fulfil the condition, regardless of whether they do so on

time or with a delay (i.e. even if this fulfilment occurs later than originally scheduled). We display

the results from this analysis in the first column of Table 7.

As with the decision to assess, a longer expected time to assessment makes it less likely a condition

is fulfilled. We believe that this strengthens our self-fulfilling argument: there was no cost for

non-compliance. Surprisingly, debtors are also less likely to fulfil previously-redrafted conditions.

This indicates that renegotiations did not improve compliance and, in particular, that, more often

than not, redrafting was not an efficient improvement on a non-state contingent condition, seems

to be more an attempt to justify a condition that at the end was irrelevant for the disbursement

decisions.

Instead, debtors are more likely to fulfil conditions with explicit numerical targets, those that

are scheduled for continuous assessment and those that had their assessment delayed previously.

The choice of creditors to specify precise targets and to deem some conditions worthy of needing

continuous fulfilment throughout the programme point towards their importance. Accordingly,

debtors realise that compliance with these will have a greater impact on a positive compliance and

the likelihood of unlocking disbursements.

While all the sectoral dummies are significant, the likelihood of fulfilment seems to be the greatest

for fiscal conditions. When coupled with our finding that fiscal conditions are less likely to be
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assessed, our results provide evidence of the greater importance of fiscal conditions. Creditors,

knowing their importance to keeping the programme on track, are hesitant to assess them. They

strategically time assessments (i.e. delaying them as necessary) to improve the chances of compli-

ance when eventually assessed. The fact that, as we have seen (Figure 1) for many of this conditions

the fulfilment/assessment ratio was one, or almost one, is reassuring that inefficient collusion was

not a major problem. But, for the same token, the fact that it was not true for all fiscal (and

financial?) or, more importantly, that a significant number of fiscal (and financial) conditions were

not assessed, suggests that either those conditions were not necessary or that, indeed, it could have

been inefficient collusion in the compliance process.

While in this analysis we have estimated the assessment decision and the fulfilment, conditional on

assessment, decision as independent decisions, the question is whether this assumption is satisfied –

for example, debtors decision to fulfil can have an anticipatory effect on creditors decision to assess,

as would happen if there is inefficient collusion. Evidence for the joint estimation of the assessment

and fulfilment decisions comes from the rejection of a Wald test for independent equations, the

size and sign of the correlation coefficient and the statistical significance of transformed correlation

coefficient. Our robustness analysis addresses this issue.

4.3 Robustness

Valid exclusion restriction: To ensure that our baseline results are not affected by our choice of

exclusion restriction, we use the Stata programme “heckprobit˙scanrho” developed by Cook et al.

(2021) to assess whether we have found the global maximum of the likelihood function. This

procedure, based on the work of Altonji et al. (2005), essentially treats the correlation between

the selection and outcome equations as unidentified, rather than identified through distributional

assumptions. We display these results in Figure 6. We find that the estimated correlation in our

baseline matches very closely the value provided through this alternative approach and therefore

our results are robust to our choice of exclusion restriction.

Semi-nonparametric estimation: Our benchmark analysis employs maximum likelihood (ML).

These estimates are consistent and asymptotically efficient if the error terms are normally dis-

tributed. However, our use of a binary variable as the dependent variable in the outcome equation

means that normally-distributed errors are unlikely. We therefore estimate our assessment and ful-

filment regressions using the semi-nonparametric (SNP) approach of Gallant and Nychka (1987),
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which has less restrictive distributional assumptions.16 We select the required degree of the Hermite

polynomial expansion in our estimation using the Akaike Information Criterion and the Bayesian

Information Criterion (Table 8).17 The results for the assessment and fulfilment decisions using

SNP estimation, displayed in the second column of Tables 6 and 7 respectively, are very similar to

those from baseline ML estimation.

Compliance classification: In our benchmark analysis, we only consider conditions that are fully

complied with as the dependent variable for our fulfilment regression. This means that conditions

assessed as “Largely observed”, “Partially observed”, “Ongoing”, “Not relevant” are also included

in the “Not observed” categorisation. We do so to reduce the influence of subjectivity in the

fulfilment category, by reducing ambiguity over the extent to which a condition is complied with.

To make sure that this choice does not affect our results, we redo our analysis with the dependent

variable including the “Largely observed” and “Partially observed” categories. Our results for the

assessment and fulfilment decisions, displayed in the third column of Tables 6 and 7 respectively,

are unaffected by this change. This is unsurprising, given that conditions assessed as “largely

fulfilled” and “partially fulfilled” make up only 0.6% and 3.9% of our sample respectively.

Independent estimation: The large positive and statistically significant correlation between the

errors in our assessment and fulfilment decision regressions support our use of a joint-estimation

procedure to correct for sample selection. However, as we demonstrate in the fourth column of

Tables 6 and 7 respectively, the drivers of the assessment and fulfilment decisions are largely

unaffected by estimating them independently.

5 Programme-specific features

Our results provide evidence of strategic behaviour in the assessment of conditions in a pool of

euro area financial assistance programmes. We now wish to see if there are any further lessons we

can learn from analysing programme-specific features of our results. We do so by rerunning our

(baseline) analysis while excluding one programme at a time; that is, if in relation to the Baseline

16The SNP estimation approximates the unknown densities of the latent regression errors by Hermite polyno-
mial expansions and then uses the approximations to derive a pseudo-ML estimator for the model parameters. We
conduct this analysis using the Stata command “snp2s”. See De Luca (2008) for details. Another option is the semi-
parametric maximum likelihood (SML) approach of Klein and Spady (1993). This procedure involves maximising
a pseudo–loglikelihood function in which the unknown probability functions are locally approximated by nonpara-
metric kernel estimators. However, this approach requires kernel smoothing, bandwidth selection and trimming to
enable convergence, which introduces more arbitrary judgement (Stewart, 2004).

17The asymptotic properties of the SNP estimator requires that the degree of expansion increases with the sample
size. While the error terms differ from a Gaussian distribution if the degree of expansion is equal or greater than
two, an order of at least three is generally required (Gabler et al., 1993).
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estimation, the sign or significance of a variable changes when a given country is excluded it means

that the country had a significant effect on the benchmark coefficient. We display the results for

the assessment and fulfilment decisions in Tables 9 and 10 respectively and, in what follows, we

underline the marginal impact of each country.

Cypriot: Our results indicate that the positive influence of the time since the last election on the

decision to assess was an important feature of the Cypriot programme. It also seems that creditors

in this programme were not as concerned with updates in their expectations for economic growth;

that is, ‘market discipline’ in the sense of higher likelihood to assess when nowcasts are negative,

did not play a significant role in the case of Cyprus. Without the data of the Cyprus programme,

the number of conditions and the sovereign bond spread have a significant positive effect, while

the size of the next disbursement have a negative effect, on compliance; the latter is surprising,

unless it reveals that disbursements were taken for granted and, as if there had not been a negative

assessment and, therefore, non-compliance was not costly.

Second Greek: When this programme is taken into account ‘assessments are more likely when

macro-financial conditions improve, news are worse-than-expected, and there are larger upcoming

disbursement ’. However, these three variables cease to be significant when this programme is

removed, which qualifies our previous statement. In contrast, when it is removed, the negative

effect on assessments of numerical and continuously-assessed conditions is significant. While re-

garding fulfilment, the positive effect of delaying on fulfilment seems specific of this programme,

while the number of conditions and time since last election were also more important in other pro-

grammes. Finally, the correlation between the assessment and fulfilment decisions is insignificant

when we exclude the second Greek programme; in other words, the ‘most problematic‘ programme

of the ones we analyze is also the programme where assessment decisions are not independent, but

positively correlated, of fulfilment decisions, which is not a sign of efficient strategic behaviour;

however, foreseen disbursements and spread market pressures enhanced assessments and compli-

ance, respectively.

Third Greek: Continuous and previously-redrafted conditions are more important factors in the

decision to assess in other programmes than in the third Greek programme. This programme

also appears to be a key factor in the positive relation between assessment and the time since the

last election. When omitted, the relationship becomes significantly negative (i.e. for the other

programmes assessments are more likely if an election was recent). Redrafted conditions have a

small negative effect on fulfilment only if this programme is included, while when it is not included
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the average positive spread has a ‘market discipline’ effect on fulfilment.

Irish: The Irish programme was also important for the positive influence of the time since the last

election on the decision to assess. Numerical and structural product conditions were also more

important determinants of assessment than in the other programmes. The Irish programme is

particularly relevant for the positive relation between numerical conditions and the decision to

fulfil, while, as with the Cyprus and Third Greek programmes, when it is not included the average

positive spread has a ‘market discipline’ effect on fulfilment.

Portuguese: The Portuguese programme is a key source of the reduced likelihood of creditors’

assessing fiscal conditions, without this programme this effect is not significant, but Portugal is

the country for which fiscal conditions are more relevant (recall Table 2). Excluding Portugal

continuous conditions have a significant positive role on assessments. Without the Portuguese

programme the closer is the last election or the higher the sovereign bond spread is the less likely

there will be compliance. The former is the same pattern of the Second Greek programme, but the

latter is the opposite effect of the Cyprus programme and suggests the existence of other correlated

factors or reverse causality of markets responding to expected non-compliance.

5.1 A closer look at delays

To further ascertain the underlying motivation for the strategic behaviour of creditors, we next

analyse the drivers of the decision to delay the assessment of a given condition (Table 11). In this

case, the dependent variable has a value of one when a condition is not assessed on schedule.

We first discuss the results from the sample including all five programmes (the first column). The

importance of conditions scheduled for continuous assessment is apparent from the large negative

coefficient on this variable. Assessment of these conditions are rarely delayed. Delays are also less

likely when there is a longer expected time to assessment, when there was a recent election, when

the economic situation was better-than-anticipated and when sovereign bond spreads are lower. In

contrast, delays appear to be driven by a larger number of conditions, anticipated improvements

in economic growth, larger upcoming disbursements and whether a condition addressed a fiscal

issue.

We next consider programme-specific determinants of delays in assessment. We find that the second

Greek programme was a key component of our finding that conditions scheduled for continuous

assessment are less likely to be delayed. The number of conditions, the time since the last election
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and the size of the next disbursement were particularly important factors in delayed assessments

during the third Greek programme. Anticipated improvements in economic growth was a large

factor in assessment delays during the Irish programme, while numerical and redrafted conditions

were not as important for delays in the Portguese programme as in others.

5.2 Summing up

1. a The more conditions a programme has the less likely that its conditions are assessed and,

if assessed, they are more likely to be delayed,

b the longer for a condition is its expected time to assessment the less likely is to be assessed

and, if assessed, the less likely is to be fulfilled;

2. fiscal conditions are less likely to be assessed18, but if assessed are more likely to be fulfilled

– if not, delayed, and

financial conditions have, with less significance, the same pattern;

3. similarly, numerical and continuous conditions are less likely to be assessed19, but if assessed

are more likely to be fulfilled;

4. structural conditions are not significantly more (or less) likely to be assess, but upon as-

sessment are more likely to be fulfilled19, but with less significance than fiscal conditions

are;

5. redrafting a condition does not improve, or reduces, the chances that it will be fulfilled;

6. a condition is more likely to be assessed, and if assessed less likely to be delayed, if the

economy is expected to grow or news are worse-than-expected19;

7. contemporaneous spreads and the size of next disbursements are not significant for the deci-

sion to assess but upon assessment tend to reduce delays, and

spreads between approval of MoU and CA and the size of next disbursements only have had a

significant positive effect on compliance and in reducing delays in the Greece 2nd programme,

and finally

8. creditor decisions to assess and debtor decisions to fulfil were positively correlated in the

Greece 2nd programme, but not (significantly) in all the other programmes we have analyzed.

18When the Portugal programme is included.
19When the Greece 2nd programme is not included.
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6 A strategic assessment compliance process

What these findings say – or strongly suggest – regarding the efficiency of the existing conditionality

framework, applied in the EFSF/ESM programmes we studied? More precisely, regarding the

characterization in the Introduction of condition being: i) ex-ante and ex-post efficient; ii) ex-ante

inefficient but ex-post efficient, or iii) ex-ante and ex-post inefficient. Of the eight summarized

findings, the most statistically significant (robust) is #1, on the negative impact of the large

number of conditions, and long expected times of assessment, on their assessment (and if assessed

likely delayed or unfulfilled, respectively), which reinforces the negative finding of having overall low

rates of assessesment. In principle, one could argue that the focus on conditions set ex-ante makes

loan conditionality difficult to enforce, and that a larger number of conditions, or lengthy expected

assessment times, reflect that ex-ante creditors are unsure of what aspects of the programme are

of greatest importance and the actual process allows for more flexibility in the choice and timing

of assessment, since new information can be revealed, making some conditions obsolete, or better

state-dependence can be achieved. As we discuss below, these arguments can partially explain

the observed behaviour, but there are five elements that strongly suggest that #1 is in general

evidence of non-efficiency (i.e. not i). First, a large number of conditions, together with a low

assessment ratio, is evidence of lack of commitment with the necessity of such conditions, which

opens the door to all different forms of strategic behaviour. Second, conditions are not free, since

large-detailed MoUs are likely to be – or be perceived, or portrayed, as – an interference with a

sovereign country ownership of its policies, even if signed by the sovereign’s government. Third,

the creditor’s decision not to assess does not appear as ‘there is no longer need to assess this

condition’ but as ‘for the moment this condition is not assessed’ and eventually it is not; similarly

happens, as #1 indicates, when conditions are assessed and, then, delayed. Forth, by not assessing

a condition one prevents Type II error (i.e. having to accept a condition is not being fulfilled), but

this bias cannot be ex-ante efficient. Fifth, as #1b reveals, when the expected time to assessment

is long a condition is very likely to either not be assessed or be assessed and not fulfilled, in any

case very likely to be irrelevant. In fact this reflects the broader problem of having low, or very

low, fulfilment rates (Table 4), when in fact disbursements took place; in other words, the problem

of having high, or very high, condition-irrelevance ratios.

As we said, this does not exclude the possibility that for some conditions the compliance assessment

process may have efficient, as it may have happened in two cases. First, even if Ireland’s programme

has the lowest assessment ratio (Table 4), its absence from the sample does not change our findings
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(Tables 9 and 9), while Ireland was an exception among the four countries in its fast recovery

from the euro crisis, which effectively may have resulted on a large number of conditions being

obsolete; particularly, according to the ‘narrow measure ’. Second, as regarding fiscal, numerical

and continuous conditions #2 and #3 can be seen as evidence of ‘avoiding Type II error by not

assessing’ but also, as it may have been is some case, of evidence that creditors’ delegates (in

agreement with borrower’s delegates) where trying account for state-contingencies, which were

not taken into account ex-ante, a behaviour that #6 for arbitrary conditions reflects. We cannot

distinguish this efficient behaviour from the opportunistic ‘wait and see ’ but, as we will argue,

a better conditionality design, accounting for state-dependence, will discriminate among these

different behaviours.

Aside from a margin of efficiency, our findings predominantly suggest time-inconsistency problems

(i.e. ii), some already mentioned. First, the already mentioned ex-post de-facto adoption of the

‘narrow measure ’ over the ‘broad measure ’ as if the importance of the structural conditions

decayed once they needed to be implemented; although, as #4 indicates, some were selectively

chosen to be assessed and then, most likely, be fulfilled. Second, the predominant ‘avoiding Type

II error by not assessing’ is unlikely to have been an ex-ante strategy – say, when signing the MoU

– communicated to the creditors’ delegates, therefore likely to be time-inconsistent. Redrafting is

also evidence of time-inconsistency although, as #5 shows, ex-post not very effective. Note also

that #6 is also consistent with this time-inconsistency but, at the same time, shows that there

were limits to it (e.g. “when news are worse-than-expected ” ), limits that #7 also reflects. On the

other hand #7 also shows the limited role that ‘market pressure ’ has played in disciplining the

compliance assessment process. For some conditions the ‘wait and see ’ strategy had no limit and,

as result, we cannot dismiss of existence of a (wide?) margin of pure inefficiency, as #1b indicates

(i.e. iii).

All, but the last, findings had been derived with the underlying assumption that – as it should be if

there is no strategic behaviour – the creditor’s decision to assess and the debtor’s decision to assess

are independent, even if some findings (e.g. #1b) suggest that they were not. We relaxed this

assumption and sought for possible (positive) correlations between both estimations, as a synthetic

overall measure of inefficiency (e.g. in making the assessment decision the creditor accounts for the

borrower’s fulfilment decision). As #8 testifies, for all but one programme there is no significant

dependence, but there is in the most problematic of the programmes: the Greece 2nd; although,

even this inefficiency had its limits since, as #7 shows, it is the most reactive programme to market
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pressures.

7 Conclusion

We provide a rigorous analysis of the compliance assessment process for official loans. Using a

unique dataset with condition-level information for euro area financial assistance programmes,

we demonstrate the importance of considering the strategic interaction between the likelihood of

a creditor assessing a condition and a debtor complying with it. This link has, to the best of

our knowledge, never been analysed together. This is despite creditors often having considerable

discretion over the timing of assessments.

To provide a perspective to our findings is worth to go back to what is the main objective of the

compliance assessment process: ‘to make sure that the debtor country is moving in the direction

of the objectives of the programme’. As we already argued and the data shows, this statement

cannot be understood as a ‘commitment to fulfil all conditions’ (for a given disbursement), and

the statement has a different interpretation with the narrow measure (regaining proper access to

debt financial markets), than with the broad measure (including structural reforms). However,

whichever is the objective being pursued, ‘conditionality without commitment’ leaves the pro-

gramme undefined, while one could simply state few ‘highly relevant conditions’ revealing that the

objectives are in the process of being achieved and postpone disbursements until such conditions

are satisfied. Unfortunately, this incentive-compatible solution is not convenient to any of the par-

ties: the debtor because is in need of financing to cover short-term expenses and liabilities, and the

lender because it risks the success of the programme (as #1 suggests) and needs to fulfil its role as

Official Lender. In fact, this incentive-compatible solution can easily be implemented by having a

menu of contracts for different risk-profiles, one of them being the one corresponding to the ‘highly

relevant conditions’ as eligibility conditions. Nevertheless, better incentive-compatible solutions

are needed with early disbursements. A feature must be the inclusion of state-contingencies (for

fulfilment requirements and, possibly, size of disbursements), avoiding excessive austerity or need

to distort the compliance assessment process, making the programme more credible.

Nowadays, we have the theory on how to design and characterize constrained-efficient (official-

lending) contracts when there is a long-term relationship – as the ESM has with euro area countries,

– accounting for the incentive-compatible constraints, as well as limited-enforcement constraints,

which are also relevant in official lending programmes (e.g. no-default of the borrower and no
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expected losses for the lender, equivalent to debt sustainability, in any foreseen future state of

the economy).20 As the ‘debt contracts with conditionality’ programmes studied here, these pro-

grammes are based on a country-specific risk-assessment, which, together with minimal eligibility

conditions, guarantee that, with the programme, the sovereign (debt) liabilities of the borrow-

ing country are sustainable. However, in contrast with the programmes studied here, they are

state-contingent, as long as the programme is active (possibly, forever, not only on a first phase

of disbursements), where the states are contractable and non-renegotiable – as conditions should

be, – allowing for precautionary insurance against foreseeable shocks, as well as with respect to

programme constraints being binding (e.g. states of possible default or lack of sustainability). As

a result, the contract is self-enforceable, while with ‘conditionality without commitment’ – as we

have described here – self-enforcement is not guaranteed, except by accepting that a programme

has failed (as, in fact, happened with Greece 2nd programme).

We extract 10 lessons from our analysis that could help to reduce the implementation failures

witnessed in many official loan programmes, as the ones we have studied. In general, these lessons

aim at strengthening the mapping between conditions and expected outcomes and to make the

contractual process closer to a constrained-efficient one:21

1. every condition needs justification: its potential contribution towards the objectives of the

programme (e.g. regain financial market access) must be made explicit. This, in turn implies:

(a) there can only be a reduced number of conditions, since a large number cannot be prop-

erly assessed;

(b) complementary or substitute conditions must be grouped, since their potential contribu-

tion must be assessed jointly (complements) or not necessarily assessed if others have

already been fulfilled (substitutes);22

20See, in particular, Abrahám et al. (2022) and Liu et al. (2022).
21Our lessons are in-line with, and complement, the long IMF experience with Official Lending conditionality.

The IMF recurrently evaluates the different elements of programme design through the conduct of RoCs. Similar
to us, these studies use very detailed information to identify the various mappings described above from different
perspectives. The 2005 RoC (IMF, 2005) found that prior actions have a larger implementation ratio than any other
type of condition and that they are used more copiously when countries are ex-ante weaker. The report highlighted
the need to streamline conditionality and place greater focus on core areas of IMF responsibility. The next RoC,
conducted in 2011, recommended a continuation of the process of consolidating conditionality and to enhance country
ownership. Following the 2005 RoC recommendations, the 2011 RoC conducted a deep analysis of macroeconomic
outcomes, the link between implementation of structural conditionality and macroeconomic outcomes, and the role of
country ownership. IMF (2012d) provides an overview of the findings, while the analysis itself is contained in various
background papers (IMF, 2012a,b,c). The latest RoC took place in 2018 and flagged several areas for improvement
IMF (2019), including the need to give priority to critical conditions.

22Proper grouping can also be a way to reduce the number of conditions. That is, the large number of existing
conditions may be due to the uncertainty regarding which will be more relevant and, therefore, prefer not eliminate
many ex-ante. However, by being sub-conditions of a ‘synthetic condition’ the latter is the one that counts, regardless
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(c) quantifiable conditions are better, since they are easier to monitor and assess;

(d) conditions should be ranked if possible, according to how revealing they are respect to

the pursued objectives (i.e. how precise are they as signals of the objectives);

(e) conditions must be contractable and not open to renegotiation; for example, they can be

linked to specific disbursements.

2. ex-ante conditions are better, since they can be assessed and fulfilled before the programme

starts (i.e. they do not need to be ‘eligibility conditions’, but can already improve the risk

profile of the country.23 The following refer to non ex-ante conditions set at the beginning

of the programme (e.g. MoU conditions):

3. state contingencies should be explicit ; that is, if the fulfilment of a condition – or how it

should be fulfilled – is conditional on the state of the economy (e.g. expected growth of x%).

4. for every condition: ‘assess or justify’ and if it is redrafted or delayed, justify ;

5. conditions aimed at different objectives may require different assessments; for example, con-

ditions aimed at reducing fiscal-financial risks should be assessed differently than conditions

aimed at reducing climate risk or improving the green economy (i.e. possibly by different

experts), and conditions with potential effect on different objectives may require several as-

sessments and a final summarizing one (e.g. a condition can potentially reduce climate and

fiscal risks).

Applying these lessons should improve the compliance assessment process. In particular, the

transparency of its implementation through delegation to lenders and borrowers’ delegates, who

ultimately lead the process. They also provide a benchmark to analyze past and existing Official

Lending programmes, such as the Recovery and Resilience Facility programmes, which follow a

long tradition of conditionality in the European Union.24

of the number of sub-conditions. This reduces the ad-hoc character of the ex-post filtering. In fact, we have followed
this procedure in our analysis; see Footnote 9.

23In particular, there can be a menu of programmes for different risk-profiles depending on ex-ante conditions (e.g.
reducing by law pension liabilities).

24See Jacoby and Hopkin (2020) for an analysis and discussion of how conditionality in the European Union has
evolved over the past two decades.
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Appendix A Tables and Figures

Table 2: Distribution of loan conditions by sector and country (% of total)

Financial Fiscal Fiscal- Structural Structural Other Total
Structural Labour Product Obs

a. Total

Cyprus 0.537 0.077 0.186 0.082 0.094 0.025 1.000
Greece 0.080 0.022 0.567 0.041 0.260 0.030 1.000
Ireland 0.672 0.063 0.089 0.054 0.085 0.037 1.000
Portugal 0.108 0.151 0.415 0.050 0.276 0.000 1.000

b. Numeric

Cyprus 0.059 0.067 0.030 0.010 0.002 0.000 0.168
Greece 0.004 0.015 0.072 0.004 0.022 0.004 0.121
Ireland 0.020 0.019 0.003 0.003 0.003 0.008 0.054
Portugal 0.016 0.107 0.084 0.005 0.011 0.000 0.223

c. Continuous

Cyprus 0.045 0.000 0.000 0.010 0.002 0.000 0.057
Greece 0.013 0.004 0.090 0.003 0.024 0.006 0.140
Ireland 0.000 0.000 0.000 0.000 0.000 0.025 0.025
Portugal 0.028 0.001 0.045 0.000 0.007 0.000 0.081

d. Redrafted

Cyprus 0.319 0.025 0.129 0.050 0.062 0.017 0.601
Greece 0.038 0.006 0.268 0.021 0.129 0.016 0.477
Ireland 0.243 0.019 0.025 0.018 0.032 0.014 0.351
Portugal 0.064 0.058 0.162 0.020 0.112 0.000 0.416

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Obs: 6,381. Rounding may affect
totals.
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Table 3: Distribution of assessed loan conditions by sector and country (% of type)

Financial Fiscal Fiscal- Structural Structural Other Total
Structural Labour Product Obs

a. Total

Cyprus 0.696 0.774 0.867 0.515 0.789 0.700 0.728
Greece 0.495 0.419 0.525 0.479 0.640 0.451 0.546
Ireland 0.215 0.200 0.343 0.326 0.388 0.448 0.255
Portugal 0.281 0.019 0.318 0.466 0.494 0.000 0.325

b. Numeric

Cyprus 0.708 0.815 0.833 0.750 1.000 0.000 0.180
Greece 0.929 0.412 0.534 0.714 0.560 0.250 0.119
Ireland 0.563 0.267 0.000 1.000 0.000 0.833 0.100
Portugal 0.286 0.011 0.295 0.333 0.850 0.000 0.128

c. Continuous

Cyprus 0.778 0.000 0.000 0.250 0.000 0.000 0.051
Greece 0.457 0.167 0.440 0.500 0.469 0.476 0.114
Ireland 0.000 0.000 0.000 0.000 0.000 0.550 0.055
Portugal 0.020 0.000 0.089 0.000 0.231 0.000 0.019

d. Redrafted

Cyprus 0.721 0.900 0.923 0.400 0.920 0.714 0.633
Greece 0.364 0.263 0.466 0.380 0.576 0.345 0.417
Ireland 0.214 0.333 0.400 0.429 0.280 0.545 0.363
Portugal 0.333 0.010 0.443 0.600 0.626 0.000 0.540

e. Delayed

Cyprus 0.364 0.061 0.303 0.091 0.121 0.061 0.112
Greece 0.045 0.007 0.530 0.032 0.366 0.020 0.299
Ireland 0.500 0.000 0.500 0.000 0.000 0.000 0.010
Portugal 0.053 0.000 0.309 0.085 0.553 0.000 0.163

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Obs: 2,935. Rounding may affect
totals.
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Table 4: Distribution of fulfilled conditions by sector and country (% of assessed)

Financial Fiscal Fiscal- Structural Structural Other Total
Structural Labour Product Obs

a. Total

Cyprus 0.735 1.000 0.631 0.588 0.467 1.000 0.703
Greece 0.733 0.903 0.636 0.657 0.650 0.457 0.648
Ireland 0.772 0.900 0.625 0.500 0.577 0.846 0.722
Portugal 0.574 0.800 0.530 0.805 0.471 0.000 0.532

b. Numeric

Cyprus 0.706 1.000 0.600 0.333 1.000 0.000 0.793
Greece 0.615 0.857 0.644 0.600 0.762 0.333 0.680
Ireland 0.556 1.000 0.000 0.500 0.000 1.000 0.750
Portugal 0.875 1.000 0.500 1.000 0.412 0.000 0.551

c. Continuous

Cyprus 0.929 0.000 0.000 1.000 0.000 0.000 0.943
Greece 0.857 1.000 0.706 1.000 0.921 0.100 0.741
Ireland 0.000 0.000 0.000 0.000 0.000 0.909 0.932
Portugal 0.000 0.000 0.571 0.000 1.000 0.000 0.645

d. Redrafted

Cyprus 0.731 1.000 0.625 0.500 0.522 1.000 0.689
Greece 0.830 1.000 0.681 0.630 0.720 0.526 0.698
Ireland 0.707 0.800 0.625 0.333 0.429 0.833 0.659
Portugal 0.553 1.000 0.520 0.810 0.476 0.000 0.524

e. Delayed

Cyprus 0.667 1.000 0.400 0.667 0.250 1.000 0.575
Greece 0.560 1.000 0.647 0.500 0.686 0.364 0.650
Ireland 0.000 0.000 1.000 0.000 0.000 0.000 0.395
Portugal 0.800 0.000 0.552 0.750 0.519 0.000 0.566

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Obs: 1,866. Rounding may affect
totals.
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Figure 2: Cyprus: Relation between assessment and fulfilment of conditions
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Notes: This figure plots the percentage of Cypriot conditions assessed (as a % of total conditions) and fulfilled (as

a % of assessed conditions).
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Figure 3: Greece: Relation between assessment and fulfilment of conditions
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Notes: This figure plots the percentage of Greek conditions assessed (as a % of total conditions) and fulfilled (as a

% of assessed conditions).
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Figure 4: Ireland: Relation between assessment and fulfilment of conditions
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Notes: This figure plots the percentage of Irish conditions assessed (as a % of total conditions) and fulfilled (as a %

of assessed conditions).
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Figure 5: Portugal: Relation between assessment and fulfilment of conditions
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Notes: This figure plots the percentage of Portuguese conditions assessed (as a % of total conditions) and fulfilled

(as a % of assessed conditions).
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Table 5: Structure of the EFSF \ESM programme database

IE PT GR CY GR
(EFSF) (ESM)

2010Q3
2010Q4 M00
2011Q1
2011Q2 CA1, M01 M00
2011Q3 CA3, M02 CA1, M01
2011Q4 CA4, M03 CA2, M02 M05
2012Q1 CA5, M04 CA3, M03 CA0, M06
2012Q2 CA6, M05 CA4, M04
2012Q3 CA7, M06 CA5, M05
2012Q4 CA8, M07 CA6, M06 CA1, M07
2013Q1 CA9, M08
2013Q2 CA10, M09 CA7, M07 CA2, M08 M00
2013Q3 CA11, M10 CA8, M08 CA3, M09 CA1, M01
2013Q4 CA12 CA10, M09 CA2, M02
2014Q1 CA11 CA3, M03
2014Q2 CA4, M10 CA4, M04
2014Q3 CA4b CA5, M05
2014Q4
2015Q1
2015Q2 CA6, M06
2015Q3 CA7 M00, CA0ba, M01, CA0a
2015Q4 CA0d, M13, CA0e20
2016Q1
2016Q2 CA1, M02
2016Q3 CA1a
2016Q4 CA1b
2017Q1
2017Q2 CA2, M04
2017Q3
2017Q4 CA2a
2018Q1 CA3aa, M07
2018Q2 CA4, M11
2018Q3

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. The “M”s represent MoUs, while
the “CA”s represent compliance assessments. See Appendix B for a description of the financial assistance process.
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Table 6: Assessment of conditions

Baseline Semi-non Compliance Independent
parametric classification estimation

Numerical -0.109 -0.105∗ -0.110 -0.099
(0.078) (0.061) (0.078) (0.078)

Continuous -0.021 0.047 -0.022 -0.032
(0.077) (0.064) (0.077) (0.077)

Redrafted 0.033 0.034 0.031 0.020
(0.043) (0.036) (0.042) (0.043)

Expected time to assessment -2.095∗∗∗ -2.367∗∗∗ -2.092∗∗∗ -2.067∗∗∗

(0.145) (0.182) (0.145) (0.145)
Number of conditions -0.685∗∗∗ -0.493∗∗∗ -0.687∗∗∗ -0.683∗∗∗

(0.112) (0.091) (0.113) (0.109)
Time since last election 0.061∗∗ 0.061∗∗∗ 0.061∗∗ 0.062∗∗

(0.024) (0.017) (0.024) (0.025)
GDP growth nowcast 0.150∗∗∗ 0.226∗∗∗ 0.150∗∗∗ 0.149∗∗∗

(0.026) (0.034) (0.026) (0.027)
Nowcast update (CA vs. MoU) -0.183∗∗∗ -0.297∗∗∗ -0.183∗∗∗ -0.180∗∗∗

(0.054) (0.064) (0.054) (0.054)
Spread at assessment 0.012 0.121∗∗∗ 0.013 0.020

(0.026) (0.029) (0.026) (0.025)
Next disbursement-to-GDP 11.792∗∗∗ 13.949∗∗∗ 11.782∗∗∗ 11.803∗∗∗

(1.777) (3.042) (1.784) (1.838)
Financial -0.265∗ -0.206 -0.267∗ -0.269∗

(0.154) (0.126) (0.155) (0.160)
Fiscal -0.787∗∗∗ -0.715∗∗∗ -0.792∗∗∗ -0.805∗∗∗

(0.194) (0.166) (0.194) (0.198)
Fiscal-structural -0.073 -0.026 -0.077 -0.083

(0.144) (0.116) (0.145) (0.150)
Structural labour -0.173 -0.078 -0.175 -0.161

(0.191) (0.160) (0.192) (0.198)
Structural product 0.157 0.160 0.151 0.145

(0.149) (0.120) (0.149) (0.155)
Constant 2.681∗∗∗ 2.690∗∗∗ 2.621∗∗∗

(0.919) (0.925) (0.921)

Observations 6160 6160 6160 6160
MoU dummies Yes Yes Yes Yes
Year dummies Yes Yes Yes Yes
Programme dummies Yes Yes Yes Yes
Pseudo R2 0.339

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Our dependent variable is a
dummy that equals one if a condition is assessed during the programme, and zero otherwise. The results for columns
1-3 are from the joint estimation of the assessment and fulfilment decisions, while the results for column 1 are from the
independent estimation of the assessment decision. See Section 3 for details. Standard errors, clustered at condition
level, in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 7: Fulfilment of assessed conditions

Baseline Semi-non Compliance Independent
parametric classification estimation

Numerical 0.177∗ 0.152∗ 0.184∗ 0.211∗∗

(0.102) (0.081) (0.103) (0.107)
Continuous 0.676∗∗∗ 0.657∗∗∗ 0.688∗∗∗ 0.760∗∗∗

(0.129) (0.096) (0.128) (0.134)
Redrafted -0.096∗ -0.087∗∗ -0.068 -0.102∗

(0.054) (0.043) (0.054) (0.057)
Expected time to assessment -1.155∗∗∗ -0.687∗∗∗ -1.178∗∗∗ -0.658∗∗∗

(0.174) (0.123) (0.179) (0.155)
Number of conditions 0.336 0.668∗∗∗ 0.449 0.734∗∗∗

(0.227) (0.119) (0.294) (0.249)
Time since last election 0.051 -0.096∗∗∗ 0.085 0.071

(0.052) (0.030) (0.052) (0.056)
Nowcast update (CA vs. MoU) 0.032 -0.094 0.040 0.042

(0.077) (0.060) (0.079) (0.083)
Spread at assessment 0.054 0.073∗∗ 0.058 0.082∗∗

(0.038) (0.030) (0.038) (0.038)
Next disbursement-to-GDP -2.383 -0.731 -4.154 -6.853∗∗

(3.057) (2.039) (3.109) (3.008)
Delayed 0.196∗∗ 0.189∗∗∗ 0.178∗∗ 0.251∗∗∗

(0.088) (0.065) (0.086) (0.090)
Financial 0.618∗∗∗ 0.565∗∗∗ 0.590∗∗ 0.793∗∗∗

(0.240) (0.194) (0.242) (0.250)
Fiscal 1.438∗∗∗ 1.414∗∗∗ 1.411∗∗∗ 1.950∗∗∗

(0.372) (0.280) (0.374) (0.383)
Fiscal-structural 0.395∗ 0.340∗ 0.397∗ 0.465∗

(0.222) (0.187) (0.226) (0.240)
Structural labour 0.545∗∗ 0.490∗∗ 0.502∗ 0.655∗∗

(0.259) (0.214) (0.262) (0.276)
Structural product 0.492∗∗ 0.372∗∗ 0.493∗∗ 0.501∗∗

(0.223) (0.189) (0.227) (0.242)
Constant -2.812 -4.158∗ -5.072∗∗

(2.037) (2.435) (2.284)

Observations 2730 2730 2730 2730
MoU dummies Yes Yes Yes Yes
Year dummies Yes Yes Yes Yes
Programme dummies Yes Yes Yes Yes
Pseudo R2 0.144
Wald test of indep. eqns. 17.653 16.232

0.000 0.000
Transformed correlation 0.718∗∗∗ 0.711∗∗∗

(0.171) (0.177)
Correlation (ρ) 0.615 0.177 0.611

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Our dependent variable is a
dummy that equals one if a condition is fulfilled during the programme, and zero otherwise. The results for columns
1-3 are from the joint estimation of the assessment and fulfilment decisions, while the results for column 1 are from the
independent estimation of the fulfilment decision. See Section 3 for details. Standard errors, clustered at condition level,
in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Figure 6: Global maximum of the likelihood function
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Notes: This figure plots the values of the likelihood function for fixed correlation coefficients between -0.9 and 0.9,

in steps of 0.1, for our baseline model specification. See Cook et al. (2021) for details.

Table 8: Selection of semi-nonparametric model specification

(1) (2) (3) (4) (5) (6) (7)
3,3 4,3 3,4 4,4 5,4 4,5 5,5

AIC 8631.7 8516.0 8613.1 8590.2 8505.3 8596.6 8529.8
BIC 9136.2 9040.7 9137.7 9141.7 9083.7 9175.0 9141.8

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes. Our dependent variable is a
dummy that equals one if a condition is fulfilled, largely fulfilled or partially fulfilled during the programme, and zero
otherwise. These results are from the joint estimation of the assessment and fulfilment decisions. See Section 3 for
details. AIC is the Akaike Information Criterion and BIC is the Bayesian Information Criterion.
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Table 9: Assessment of conditions, excluding programmes

All Cyprus Greece Greece Ireland Portugal
Included (Second) (Third)

Numerical -0.109 -0.135 -0.257∗∗∗ -0.049 -0.179∗∗ 0.087
(0.078) (0.082) (0.093) (0.091) (0.080) (0.092)

Continuous -0.021 -0.032 -0.509∗∗∗ 0.190∗∗ -0.084 0.202∗∗

(0.077) (0.082) (0.122) (0.092) (0.077) (0.085)
Redrafted 0.033 0.038 0.070 0.123∗∗ 0.038 -0.077

(0.043) (0.045) (0.052) (0.050) (0.046) (0.051)
Expected time to assessment -2.095∗∗∗ -2.198∗∗∗ -2.312∗∗∗ -2.300∗∗∗ -1.930∗∗∗ -2.052∗∗∗

(0.145) (0.164) (0.212) (0.160) (0.156) (0.180)
Number of conditions -0.685∗∗∗ -0.391∗∗∗ -0.202∗∗ -1.710∗∗∗ -0.479∗∗∗ -0.854∗∗∗

(0.112) (0.098) (0.084) (0.465) (0.098) (0.134)
Time since last election 0.061∗∗ -0.003 0.117∗∗∗ -0.239∗∗∗ 0.006 0.175∗∗∗

(0.024) (0.028) (0.016) (0.055) (0.027) (0.035)
GDP growth nowcast 0.150∗∗∗ 0.115∗∗∗ 0.019 0.135∗∗∗ 0.149∗∗∗ 0.233∗∗∗

(0.026) (0.037) (0.036) (0.028) (0.029) (0.043)
Nowcast update -0.183∗∗∗ -0.090 -0.082 -0.124∗ 0.010 0.217∗

(0.054) (0.061) (0.067) (0.069) (0.057) (0.113)
Spread at assessment 0.012 -0.025 0.038 -0.022 -0.037 0.022

(0.026) (0.037) (0.029) (0.028) (0.028) (0.031)
Next disbursement-to-GDP 11.792∗∗∗ 13.919∗∗∗ 1.510 22.397∗∗∗ 15.100∗∗∗ 12.805∗∗∗

(1.777) (1.906) (2.149) (2.348) (1.752) (3.429)
Financial -0.265∗ -0.287∗ -0.333 -0.248 -0.196 -0.175

(0.154) (0.170) (0.248) (0.207) (0.157) (0.158)
Fiscal -0.787∗∗∗ -0.944∗∗∗ -0.789∗∗∗ -0.958∗∗∗ -0.698∗∗∗ -0.006

(0.194) (0.219) (0.275) (0.236) (0.202) (0.218)
Fiscal-structural -0.073 -0.102 -0.136 -0.052 0.008 -0.010

(0.144) (0.158) (0.237) (0.202) (0.142) (0.146)
Structural labour -0.173 -0.082 -0.199 -0.197 -0.057 -0.313∗

(0.191) (0.199) (0.281) (0.259) (0.201) (0.190)
Structural product 0.157 0.147 0.159 0.207 0.253∗ 0.069

(0.149) (0.162) (0.242) (0.208) (0.147) (0.152)
Constant 2.681∗∗∗ 3.907∗∗∗ -0.539 17.675∗∗∗ 0.763 1.769

(0.919) (1.011) (0.663) (2.431) (0.869) (1.248)

Observations 6160 5756 4230 4896 5371 4387
MoU dummies Yes Yes Yes Yes Yes Yes
Year dummies Yes Yes Yes Yes Yes Yes
Programme dummies Yes Yes No Yes Yes Yes

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes, with one programme excluded in
each regression (columns 2-6). Our dependent variable is a dummy that equals one if a condition is assessed during the
programme, and zero otherwise. These results are from the joint estimation of the assessment and fulfilment decisions.
See Section 3 for details. Programme dummies were excluded from the regression without data from the second Greek
due to their joint insignificance. Standard errors, clustered at condition level, in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗

p < 0.01
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Table 10: Fulfilment of assessed conditions, excluding programmes

All Cyprus Greece Greece Ireland Portugal
Included (Second) (Third)

Numerical 0.177∗ 0.182∗ 0.312∗ 0.187∗ 0.115 0.243∗∗

(0.102) (0.106) (0.187) (0.104) (0.108) (0.112)
Continuous 0.676∗∗∗ 0.716∗∗∗ 0.470 0.849∗∗∗ 0.626∗∗∗ 0.804∗∗∗

(0.129) (0.138) (0.290) (0.121) (0.131) (0.136)
Redrafted -0.096∗ -0.109∗ -0.061 -0.069 -0.075 -0.194∗∗∗

(0.054) (0.057) (0.082) (0.055) (0.056) (0.063)
Expected time to assessment -1.155∗∗∗ -0.848∗∗∗ -0.367 -1.317∗∗∗ -0.944∗∗∗ -0.965∗∗∗

(0.174) (0.207) (0.573) (0.183) (0.170) (0.163)
Number of conditions 0.336 0.536∗∗ 0.388∗∗ 0.975 0.272 0.171

(0.227) (0.211) (0.185) (0.651) (0.177) (0.187)
Time since last election 0.051 0.097 0.092∗ -0.103 0.061 0.100∗∗∗

(0.052) (0.088) (0.052) (0.074) (0.062) (0.026)
Nowcast update 0.032 -0.038 -0.095 -0.100 0.176 0.101

(0.077) (0.103) (0.094) (0.078) (0.116) (0.126)
Avg spread btw MoU and CA 0.054 0.288∗∗∗ 0.048 0.069∗ 0.083∗∗ -0.050∗∗

(0.038) (0.047) (0.060) (0.038) (0.041) (0.025)
Next disbursement-to-GDP -2.383 -18.493∗∗∗ -2.046 2.488 -2.624 -5.596∗∗∗

(3.057) (5.962) (2.437) (3.647) (3.340) (2.170)
Delayed 0.196∗∗ 0.395∗∗∗ -0.227 0.255∗∗∗ 0.265∗∗∗ 0.319∗∗

(0.088) (0.109) (0.162) (0.089) (0.097) (0.088)
Financial 0.618∗∗∗ 0.849∗∗∗ 0.054 0.573∗∗ 0.725∗∗∗ 0.696∗∗∗

(0.240) (0.248) (0.390) (0.256) (0.252) (0.240)
Fiscal 1.438∗∗∗ 1.434∗∗∗ 1.168∗∗ 1.242∗∗∗ 1.585∗∗∗ 1.973∗∗∗

(0.372) (0.410) (0.512) (0.397) (0.413) (0.342)
Fiscal-structural 0.395∗ 0.581∗∗∗ -0.358 0.385 0.541∗∗ 0.436∗

(0.222) (0.227) (0.404) (0.241) (0.228) (0.223)
Structural-labour 0.545∗∗ 0.803∗∗∗ 0.078 0.514∗ 0.760∗∗∗ 0.253

(0.259) (0.266) (0.433) (0.279) (0.270) (0.262)
Structural-product 0.492∗∗ 0.683∗∗∗ -0.479 0.478∗∗ 0.643∗∗∗ 0.579∗∗∗

(0.223) (0.228) (0.409) (0.242) (0.229) (0.226)
Constant -2.812 -5.603∗ -2.973∗∗ -0.952 -3.713∗∗∗ -2.995∗∗∗

(2.037) (2.877) (1.472) (3.794) (2.043) (1.147)

Observations 2730 2436 1484 2317 2529 2154
MoU dummies Yes Yes No Yes Yes No
Year dummies Yes Yes Yes Yes Yes Yes
Programme dummies Yes Yes Yes Yes Yes Yes
Wald test of indep. eqns. 17.653 12.512 0.173 17.625 14.064 14.446

0.000 0.004 0.678 0.000 0.000 0.000
Transformed correlation 0.718∗∗∗ 0.558∗∗∗ -0.142 0.865∗∗∗ 0.762∗∗∗ 0.570∗∗∗

(0.171) (0.158) (0.341) (0.206) (0.203) (0.150)
Correlation (ρ) 0.615 0.506 -0.141 0.699 0.642 0.515

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes, with one programme excluded in
each regression. Our dependent variable is a dummy that equals one if a condition is fulfilled, and zero otherwise. These
results are from the joint estimation of the assessment and fulfilment decisions. See Section 3 for details. MoU dummies
were excluded from the regressions without data from the second Greek and the Portuguese programmes due to their
joint insignificance. Standard errors, clustered at condition level, in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 11: Drivers of delays

All Cyprus Greece Greece Ireland Portugal
Included (Second) (Third)

Numerical -0.038 -0.007 0.125 -0.067 0.004 -0.155∗

(0.082) (0.087) (0.103) (0.096) (0.085) (0.090)
Continuous -0.551∗∗∗ -0.521∗∗∗ 0.179 -0.924∗∗∗ -0.501∗∗∗ -0.775∗∗∗

(0.081) (0.082) (0.139) (0.094) (0.077) (0.090)
Redrafted 0.040 0.015 -0.019 -0.032 0.053 0.185∗∗∗

(0.048) (0.049) (0.060) (0.059) (0.051) (0.056)
Expected time to assessment -1.417∗∗∗ -1.467∗∗∗ -1.190∗∗∗ -1.588∗∗∗ -1.545∗∗∗ -1.411∗∗∗

(0.119) (0.163) (0.158) (0.157) (0.140) (0.145)
Number of conditions 0.313∗∗∗ 0.412∗∗∗ 0.316∗∗∗ 0.793 0.323∗∗∗ 0.424∗∗∗

(0.097) (0.104) (0.110) (1.079) (0.099) (0.141)
Time since last election -0.178∗∗∗ -0.174∗∗∗ -0.318∗∗∗ -0.031 -0.176∗∗∗ -0.224∗∗∗

(0.027) (0.030) (0.036) (0.121) (0.029) (0.040)
GDP growth nowcast 0.081∗∗∗ 0.120∗∗∗ 0.086∗∗ 0.118∗∗∗ 0.050 -0.033

(0.030) (0.042) (0.041) (0.035) (0.031) (0.044)
Nowcast update -0.455∗∗∗ -0.469∗∗∗ -0.494∗∗∗ -0.336∗∗∗ -0.435∗∗∗ -0.472∗∗∗

(0.097) (0.114) (0.113) (0.106) (0.093) (0.170)
Spread at assessment -0.279∗∗∗ -0.293∗∗∗ -0.381∗∗∗ -0.272∗∗∗ -0.267∗∗∗ -0.318∗∗∗

(0.029) (0.037) (0.056) (0.031) (0.032) (0.036)
Next disbursement-to-GDP 9.245∗∗∗ 10.332∗∗∗ 7.917∗∗∗ 5.710 8.581∗∗∗ 11.845∗∗∗

(1.649) (1.746) (2.966) (3.975) (1.698) (3.429)
Financial 0.192 0.290 0.234 0.444∗ -0.149 0.200

(0.217) (0.224) (0.344) (0.267) (0.175) (0.221)
Fiscal 0.561∗∗ 0.769∗∗∗ 0.548 0.979∗∗∗ 0.337 0.172

(0.245) (0.261) (0.348) (0.306) (0.227) (0.273)
Fiscal-structural 0.221 0.281 0.374 0.444∗ 0.012 0.171

(0.196) (0.198) (0.311) (0.253) (0.159) (0.194)
Structural labour 0.022 0.045 0.062 0.267 -0.185 0.113

(0.221) (0.225) (0.333) (0.292) (0.193) (0.218)
Structural product 0.085 0.135 0.102 0.378 -0.127 0.117

(0.199) (0.200) (0.316) (0.256) (0.164) (0.199)
Constant 4.177∗∗∗ 3.821∗∗∗ 6.591∗∗∗ 1.111 5.504∗∗∗ 3.626∗∗∗

(0.926) (1.240) (0.663) (5.213) (0.965) (1.256)

Observations 6160 5756 4230 4896 5371 4387
MoU dummies Yes Yes Yes Yes Yes Yes
Year dummies Yes Yes Yes Yes Yes Yes
Programme dummies Yes Yes Yes Yes Yes Yes
Pseudo R2 0.175 0.183 0.152 0.236 0.171 0.212

Notes: Data from the EFSF \ESM programme database, covering the Cypriot (2013-2016), Greek (2011-2014, 2015-
2018), Irish (2010-2013) and Portuguese (2011-2014) financial assistance programmes, with one programme excluded in
each regression. Our dependent variable is a dummy that equals one if a condition was not assessed on schedule, and
zero otherwise. These results are from the independent estimation of the assessment decision. See Section 3 for details.
Standard errors, clustered at condition level, in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Appendix B EFSF \ESM financial assistance programmes

The EFSF and ESM (co-)financed six financial assistance programmes in the euro area between

2010 and 2018.25 There are three broad phases to each programme. After the national authorities

requested financial assistance, they negotiated a Memorandum of Understanding (MoU) with the

EC, European Central Bank (ECB) and the IMF (hereafter, “the institutions”).26 The MoU details

the institutions’ assessment of current and future (up to three-years ahead) economic and financial

situation, as well as the policy conditions to be implemented in exchange for financial assistance.27

These conditions aimed to eliminate or reduce weaknesses in the beneficiary country’s economy

and/or financial sector that contributed to their need for financial aid. This is the programme

design phase.

Upon the successful conclusion to the MoU negotiations between the national authorities and the

institutions, the EFSF \ESM proposed financial conditions for the loan, including the disbursement

and repayment schedules, interest and fee payments. The EFSF \ESM Board of Governors, where

all euro area countries are represented and each country has voting rights commensurate with

their number of shares in the ESM capital stock, gave the final approval of the financial assistance

package.28 The database contains all the current and projected economic and financial indicators,

policy conditions and loan arrangements of the approved financial assistance package at each

programme review.

During the programme implementation phase, the institutions carried out periodic assessments

of the national authorities’ compliance with the agreed-upon policy conditions in the MoU (pro-

gramme “reviews”). The institutions provided the EFSF \ESM Board of Directors with a “com-

pliance assessment” report, which was the basis for disbursement decisions.29 At each of these

25The ESM is a permanent institution that replaces the temporary EFSF. The EFSF provided loans to Ireland,
Portugal and Greece, while the ESM provided loans to Spain and Cyprus. The EFSF cannot provide new loans
and is a separate legal entity from the ESM. However, due to the need for post-programme monitoring until full
repayment of the loans, the EFSF and ESM share staff and facilities. The ESM update the database after both
EFSF and ESM post-programme monitoring missions.

26The IMF directly participated in four of the six financial assistance programmes. Under the proposed ESM
reform, the EC and ESM are jointly responsible for the design and implementation of policy conditionality in future
financial assistance programmes.

27The institutions, and for the third Greek programme, the ESM, also produced longer-term forecasts that underpin
their Debt Sustainability Analysis. These forecasts, however, are not included in the EFSF \ESM programme
database.

28All major EFSF \ESM decisions were generally unanimous. However, there is an emergency voting procedure
in the ESM Treaty, whereby financial assistance can be granted if supported by a qualified majority of 85 % of the
votes. This effectively provides a veto to Germany, France and Italy.

29While the first phase is broadly consistent across countries and programmes, substantial differences arise during
the second phase. Most notable is the period between programme reviews. While the median gap between reviews
was three months, there were often six months, and, in the case of Greece, up to a year between reviews. This
uneven structure prohibits the use of regressions with time fixed effects. Instead, we use time dummies to capture
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programme reviews, the institutions and national authorities also produced a revised MoU in

which the required policy conditions could be different from the previously-agreed MoU. The in-

stitutions also updated the economic and financial data and forecasts available at each programme

review, and the EFSF \ESM at times adjusted the financial conditions of the loans.30

The final phase covers the programme exit. This incorporated a final assessment of remaining policy

conditions, as well as updates of the current and forecasted economic and financial situation. This

phase also has considerable cross-country and programme differences. Only Ireland and Greece

(in the third and final programme) completed the final review. Portugal, Cyprus and Spain did

not complete all the necessary conditions and therefore did not draw down the final disbursement.

The institutions’ assessment that policy conditions were not being met meant that the first and

second Greek programmes went off track.

period-specific disturbances that could effect our estimates.
30The terms of the loans to Ireland, Portugal, and Greece were altered during or after their programmes. These

alterations included extensions to the weighted average maturity of loans and reduced fees. Corsetti et al. (2020)
analyse the effect of these changes and find that they helped restore market access. They were therefore crucial in
achieving a primary goal of the financial assistance programmes.
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Appendix C An example loan condition

The ESM provides a publically-available database of the six euro area financial assistance pro-

grammes carried out between 2010 and 2018.31 It includes information from around 60 different

reviews across all EFSF and ESM financial assistance programmes.32 To illustrate the features

of the database, we provide an example of a loan condition and the elements we use to analyse

compliance.

As a precondition for loan disbursements, the institutions required the Portuguese authorities to

establish a fiscal council. These advisory bodies can help strengthen fiscal discipline and comple-

ment existing procedures, such as fiscal rules (Calmfors and Wren-Lewis, 2011). We outline the

assessment and compliance process for this condition in Table B1. During the programme design

phase (M00, May 2011), the institutions specified a completion deadline of the third quarter of

2011. They did not assess compliance with this condition during the September 2011 (CA1) pro-

gramme review. The change in deadline to the fourth quarter of 2011 in the updated MoU (M01)

constituted a significant redraft. The institutions deemed the condition as complied with during

the December 2011 (CA2) review, given the approval of the statutes of the Fiscal Council and it’s

expected operationalisation by the end of the year.33 The change in the MoU text (M02) was only

a minor revision.

However, after the failure of the Portuguese authorities to operationalise the Fiscal Council by

the end of 2011, the institutions revised their assessment of compliance with the condition during

the March 2012 review (CA3). They also substantially redrafted the text in the MoU (M03) by

changing the deadline to the first quarter of 2012. The institutions completed the assessment

process for this condition in the June 2012 review (CA4). With the Portuguese Fiscal Council

operational since February 2012, the institutions deemed the condition was complied with and

31The creation of such a database was one of the recommendations of the 2017 EFSF \ESM Financial Assistance
Evaluation Report. Specifically, the report recommends that the “ESM should implement mandatory public report-
ing, including a database for the dissemination of harmonised data on country programmes”. The database, made
publically available in October 2019, fulfils this recommendation.

32The database uses EC reports of programme reviews, produced in liaison with the ECB. Data from IMF reports
are not included in the database. Despite using the same institutional source, the reporting format across (and
even within) programmes was not always consistent. An important aim of the programme database is to make
certain key concepts consistent, to the extent possible without re-evaluating or altering historical records. The
ESM applied automatic and manual matching techniques to better relate assessments to conditions and provide a
consistent evolution of conditions across time. They also harmonised the degree of compliance and sectoral groupings.
Programme experts from the EC and ESM reviewed and approved these aspects.

33It is important to note that the date of the reviews match the date of publication of these documents. There
was often a lag of at least one month between the completion of the mission, whereby staff from the institutions
travelled to the country for discussions with the national authorities, and publication of the corresponding report.
In this particular example, the mission took place in November 2011. For this reason, the institutions could not be
sure of compliance with the condition, and based their assessment on their expectation of completion.
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dropped it from subsequent MoUs.

At the start of each programme, the institutions collect and analyse quantitative macroeconomic

and financial indicators in order to form an opinion on a country’s current situation and the outlook

for the remainder of the programme. As the programme advances, the institutions may revise these

projections. We use these data to analyse the role that they play in the assessment and compliance

process. For our example condition, despite better than expected GDP growth and budget deficit

in 2011, public debt increased by considerably more than projected (Table B2). This was due to

larger-than-forecast bank recapitalisations. The interest rate on this debt was roughly in line with

projections, as expected for a slow-moving variable.

Table B1: Condition: Establish a Portuguese Fiscal Council

Review Document Wording

M00 MoU 3.16. Adopt the Statutes of the Fiscal Council, based on the
(May 2011) working group report of 6 April 2011. The Council will be

operational in time for the 2012 budget. [Q3-2011]

CA1 Compliance No assessment
(Sept 2011)

M01 MoU 3.16. Adopt the Statutes of the Fiscal Council. [Q3-2011]
(Sept 2011) The Fiscal Council will be operational by [Q4-2011].

CA2 Compliance Observed: The Statutes of the Fiscal Council were approved
(Dec 2011) on 8 September and entered into force on 20 October (Law 54/2011

on 19 October). Fiscal Council will be operational by end of the
year as stipulated by the MoU.

M02 MoU 3.14. The Fiscal Council will be operational by [Q4-2011].
(Dec 2011)

CA3 Compliance Broadly observed: The Fiscal Council was been established,
(Mar 2012) its operation should start in March.

M03 MoU 3.9. The Fiscal Council was been established and will be
(Mar 2012) operational by [Q1-2012].

CA4 Compliance Observed
(Jun 2012)

Notes: Extracts from the EFSF \ESM programme database, covering the Portuguese (2011-2014) financial assistance
programme. The labels for the MoUs and compliance assessments (e.g. M00, CA1) align with those found in the database.
The dates for the MoU and CA documents generally accord to date of publication. However, due to publication lags,
in some instances the publication date falls in the quarter after the review mission. Since we sometimes use controls in
our regressions that depend on information available in a given quarter, we manually adjust these cases to align them
with the timing of the review, to better reflect the information available at the time the documents were produced. This
example condition was also highlighted by Moshammer and Siskind (2020).
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Table B2: Economic and financial indicators: Portugal

Review t− 1 t t+ 1 t+ 2 t+ 3

GDP growth (%)
M00 (May 2011) 1.3 -2.2 -1.8 1.2 2.5
M01 (Sept 2011) 1.3 -2.2 -1.8 1.2 2.5
M02 (Dec 2011) 1.4 -1.6 -3.0 0.7 2.4
M03 (Mar 2012) -1.5 -3.3 0.3 2.1 1.9
M04 (Jun 2012) -1.6 -3.0 0.2 2.1 1.9

Primary deficit (% of GDP)
M00 (May 2011) 6.1 1.7 -0.3 -2.1 -2.8
M01 (Sept 2011) 6.1 1.7 -0.3 -2.0 -2.8
M02 (Dec 2011) 6.7 1.6 -0.5 -2.2 -3.0
M03 (Mar 2012) -0.1 -0.3 -1.7 -2.6 -3.0
M04 (Jun 2012) 0.4 -0.2 -1.7 -2.6 -3.0

Public debt (% of GDP)
M00 (May 2011) 93.0 101.7 107.4 108.6 107.6
M01 (Sept 2011) 92.9 101.1 106.2 107.3 106.4
M02 (Dec 2011) 93.3 107.2 116.2 118.1 116.0
M03 (Mar 2012) 106.8 112.4 115.3 114.4 112.7
M04 (Jun 2012) 107.8 114.4 118.6 117.7 115.7

Interest rate (%)
M00 (May 2011) 3.7 4.4 4.7 4.8 4.9
M01 (Sept 2011) 3.7 4.4 4.7 4.8 4.9
M02 (Dec 2011) 3.7 4.5 4.6 4.5 4.6
M03 (Mar 2012) 4.3 4.4 4.3 4.4 4.4
M04 (Jun 2012) 4.1 4.2 4.2 4.3 4.3

Notes: Data from the EFSF \ESM programme database, covering the Portuguese (2011-2014) financial assistance
programme. The labels for the MoUs and compliance assessments (e.g. M00, CA1) align with those found in the
database. Nowcasts and forecasts are annual, and therefore t− 1 represents the year before, t the year of and t+ 1 the
year after the production of a given MoU.
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Appendix D Constructing the analytical database

The publically-available EFSF\ESM programme database provides granular lending information

(loan disbursements, principal repayments, past interest, and fee payments) and data on pro-

gramme monitoring (loan conditionality and economic and financial indicators, including real-time

forecasts) in 6 EFSF\ESM programmes. However, it is unsuitable for empirical analysis. This

appendix provides an overview of the substantial work we undertook to enable use of the database

for analytical purposes.34

The first issue is that the data comes in five separate files: one each for disbursements, repay-

ments, interest and fees, conditionality and economic indicators. This means that one cannot

immediately use all of the available variables. Merging the data, however, is not straightforward.

Different files, because they focus on distinct aspects, can have different numbers of observations.

The conditionality file contains 8,282 observations, which represents the number of conditions

scheduled for assessment. The economic indicators file instead contains 45,648 observations, and

the disbursement file has 1,509.

To merge the individual files, we matched information on individual conditions, including their

type and assessment and compliance status,35 with information on financial assistance and real-

time macroeconomic forecasts.

The next step was to add condition identifiers and transform the data into a quarterly frequency.

To determine the correct quarter, we utilised cut-off dates for data used and the timing of country

missions as reported in the programme documentation and assessed what was the relevant infor-

mation set available to the creditors during the production of a given document. For example, a

programme document published very early in a quarter was assigned to the previous quarter, as

that was more representative of the information set available to the institutions when the document

was produced.

Another key step was the treatment of conditions with multiple sub-conditions that were assessed

separately. We aggregate their compliance status into a single condition with a unique compliance

34This is over and beyond the various mistakes we noticed in the publically-available database. Such mistakes are
inevitable in such a detailed database that was collated using data matching techniques, as human checking of each
and every observation is impossible.

35We extracted information on the sector of the condition, whether it was a prior action, whether a condition needs
to be complied with continuously and whether it had any numerical targets. We also corrected any mismatching of
sectors or missing prior action label that we discovered upon careful inspection of the description of conditions. For
instance, we created a prior action dummy taking the value of 1 if the condition is labelled as prior action or if the
description mentions “prior to disbursement”.
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status by weighting the share of fulfilled by 1, share of others by 0.5 and share of not fulfilled by

0, following the implementation ratio approach adopted inIMF (2012d).

After these steps, we have a database with a consistent number of observations and a time structure

conducive to empirical analysis. The next task was to create a number of variables that we consider

useful in understanding the determinants of compliance with official loan conditionality. We, for

instance, calculated the total number of conditions in each review as another explanatory variable.

We then extracted information on conditions that reappear in the next review of the programme,

whether they have been redrafted or not. We follow the evolution of each condition, so we also

record the past status in terms of assessment, completion and redrafting.

Next, we determined what were the applicable due dates for each condition. We extracted this

information from the description of the condition and translated it into quarters. In the case of

several due dates, we took as the relevant due date the one closest to the timing of the document

in which the condition was specified. For conditions that are to be fulfilled on a continuous basis

and have no due date, we assume that the due date is next quarter. Around 12% of conditions

have no due date specified. We created an additional variable that translates the due dates into

quarters and where we assume that conditions without a due date were meant to be assessed at

the next review. If the condition is labelled as prior action, then we take the review in the same

quarter as the due date if any as a relevant review. 36.

From this, we also calculate several variables of interest that we use in our regressions. We calculate

the expected time for assessment as a number of quarters between the appearance of the condition

and the expected assessment (in two versions, one vis-à-vis the due date and another vis-à-vis the

relevant future review. For the assessed conditions, we also calculate the delay between the due

date and the actual assessment, where we subtract one quarter, since often the condition would be

assessed only in the next quarter if the due date is at the end of previous quarter. 37

Finally, we added macroeconomic forecasts as reported in MoUs, their subsequent reviews and

compliance assessments, including a lagged value, a nowcast and 1 to 2 year ahead forecast for the

main macroeconomic aggregates. We added ex-post realization of these aggregates and calculated

forecast errors. We also added information on spreads in the assessment quarter and average spread

36This variable is created as follows. For those conditions that have a due date, the quarter of the next actual
review document is taken (CA document). For instance, i.e. if due date is 31 December 2015, the relevant quarter
for due date is 2015-Q4, but measured in terms of when it could be reviewed, this could only be done in the next
review, which could be 2016- Q1 or later if there was no review in that particular quarter

37We do not control for whether the due date was in the beginning or end of the quarter, so by constructing the
variable in this manner we are biasing the delay downwards to some extent.
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between the quarter when the condition was set and the quarter of assessment. We calculated also

upcoming disbursements at each review and the total envelope of financial assistance.

Overall, these changes and the combined database will enable researchers to utilise the rich details

included in the EFSF \ESM programme database for empirical analysis. We consider this endeav-

our as a large value added of our paper, and hope that it will lead to greater usage of the database

to produce even more insights into the design of conditionality in official lending.
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